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Abstract- As artificial intelligence is 

increasingly used in the hiring process, 

HireVue and similar emotion AI-based 

hiring tools are being increasingly used to 

evaluate the personality of applicants, 

emotional quotient, and interpersonal skills. 

Such tools scan the facial features, voice 

tone, and behavioral responses during video 

interviews and produce predictive scores for 

the recruitment process. Although such 

software is advocated as scientific and fact-

based, this paper critically discusses to what 

degree they are based on methods that are 

semblances of pseudoscience. 

The paper examines the similarities between 

contemporary emotion AI systems and the 

long-refuted pseudoscientific practices of 

phrenology, graphology, and physiognomy, 

which tried to determine personality from 

physical characteristics or handwriting. 

Although discredited, these ideas are being 

revived in digital form using AI models that 

have been trained on biased or unproven 

data. Emotion recognition systems do not 

consistently consider cultural, neurodiverse, 

and contextual differences in expressions, 

and there are valid concerns regarding their 

scientific validity. 

In addition, these systems tend to be black 

boxes, providing no insight into how 

candidate ratings are being made and no 

peer-reviewed evidence backing their 

assertions. Relying on technical jargon and 

the semblance of scientific rigor, recruiters 

and companies may be led astray by over-

reliance on the technology in the presence of 

a lack of empirical evidence. This fits well 

with central features of pseudoscience, such 

as untestability, reliance on anecdotal 

evidence, and refusals to critically evaluate. 

This article contends that whereas AI holds 

promise to minimize human bias in the 

hiring process, emotion AI applications 

could actually mechanize and magnify 

pseudoscientific decisions. It urges more 

scientific responsibility, independent 

verification, and ethical monitoring in order 

for recruitment technology to enhance 
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fairness, transparency, and inclusion. 

Finally, the study challenges re-examination 

of existing practices to avoid making 

contemporary hiring a virtual repeat of 

ancient and science-less practices. 
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I. INTRODUCTION: 

The arrival of artificial intelligence (AI) has 

revolutionized most industries, and human 

resource management is no exception. Some 

of the most debated breakthroughs include 

the use of emotion AI in hiring, where 

applicants are not just evaluated based on 

their CVs or answers, but also their facial 

expression, tone of voice, and micro-

behaviors when interviewed through a 

video. HireVue, Pymetrics, and other similar 

platforms purport to apply sophisticated 

machine learning algorithms to detect soft 

skills, emotional intelligence, and 

personality, and thereby simplify the 

recruitment process while removing the 

element of human bias. But the growing use 

of emotion recognition technology in the 

hiring process creates a fundamental 

question: Are such tools scientifically valid, 

or are they the latest form of pseudoscience 

in disguise, couched in technical 

terminology? 

Emotion AI, or affective computing, tries to 

identify human emotions through the 

analysis of subtle behavior in facial muscle 

responses, vocal tone, eye movements, and 

other behavioral indicators. Though it 

engages with fields such as psychology, 

computer vision, and machine learning, a 

majority of experts remain skeptical about 

its scientific merits, especially in high-stakes 

decision-making situations such as 

employment hiring. Studies show that 

emotional expressions are highly variable 

across cultures, contexts, and individuals, 

making it problematic to generalize or 

predict emotions with high accuracy. 

Moreover, the foundational assumption—

that outward expressions reliably reflect 

internal emotions—is scientifically 

contested. 

This paper seeks to analyze the 

pseudoscientific aspects inherent in AI-

powered recruitment technologies, 

particularly those that entail emotion 

analysis. The paper explores how these 

technologies tend to reproduce discredited 
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past practices like phrenology, graphology, 

and physiognomy, which were previously 

used to estimate the character or intellect of 

an individual by analyzing skull shape, 

handwriting, or facial structure. Although 

new in appearance, these AI technologies 

often repeat pre-existing biases online in 

coded algorithms that are trained on biased 

data-sets, usually without the stringency of 

rigorous peer-reviewed testing. 

Through the examination of scientific 

criticism, ethical issues, and pseudoscience 

analogies, this paper contends that although 

emotion AI technologies promise objectivity 

and efficiency, they actually might introduce 

automated bias, be opaque, and mislead 

decision-makers via untested or 

oversimplification models of human 

behavior. The aim is not to rule out the use 

of AI in recruitment but to advocate a more 

evidence-based, transparent, and ethical 

development of its usage. 

II. LITERATURE REVIEW: 

The incorporation of emotion AI in hiring 

processes has generated rampant scholarly 

discussion on its scientific merit, ethical 

concerns, and likelihood of embedding 

antiquated practices in the name of 

innovation. Emotion AI platforms like 

HireVue and Pymetrics purport to determine 

applicants' personality, emotional quotient, 

and interpersonal skills based on facial 

expressions, tone of voice, and behavioral 

signals picked up in video interviews. 

However, a close examination of the 

literature reveals that many of these tools 

rely on scientifically unverified assumptions 

about the relationship between physical 

behaviors and internal psychological states. 

The foundations of emotion recognition 

technologies can be traced to the field of 

affective computing, pioneered by Rosalind 

Picard in the late 1990s. Although this field 

was trying to make machines capable of 

recognizing and reacting to human 

emotions, researchers like Lisa Feldman 

Barrett (2006) and James A. Russell (1994) 

have questioned the assumption that 

emotions are universally expressed and can 

be detected. Barrett's constructed emotion 

theory posits that emotions are socially 

contextual and experience-dependent, 

diminishing the validity of AI systems that 

rely on facial or vocal features to infer 

emotional states. Equally, criticisms of Paul 

Ekman's Basic Emotions Theory—on which 

many commercial emotion AI platforms are 

based—point out that facial expressions are 

not fixed or universally readable, as has 

been shown by research such as Jack et al. 
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(2012), which identified widespread cultural 

differences in the display of emotion. 

The use of emotion AI in recruitment has 

been subject to fierce criticism. Platforms 

such as HireVue employ machine learning to 

grade applicants on the basis of micro-

expressions, tone modulation, and eye scan. 

While these systems promote efficiency and 

minimizing human bias, researchers Binns et 

al. (2018) and Kraemer et al. (2020) 

highlight that the systems tend to act as 

black boxes with low transparency and a 

lack of explainability. Raji and Buolamwini 

(2019) illustrated that facial recognition 

algorithms deployed in these systems tend to 

work poorly on darker-skinned people and 

women, constituting a critical threat of 

algorithmic discrimination. Cathy O'Neil, in 

her book Weapons of Math Destruction 

(2016), and Virginia Eubanks in Automating 

Inequality (2018) contend that such systems 

can institutionalize and scale existing social 

biases while appearing objective and fair. 

Furthermore, a number of scholars have 

begun to describe emotion-based hiring 

systems as a form of “digital phrenology.” 

Ajunwa et al. (2016) criticize these tools for 

drawing personality conclusions from 

surface-level data, equating them to 

pseudoscientific practices such as 

physiognomy and graphology—which have 

long been discredited for their lack of 

scientific rigor. Binns (2020) dubbed this 

recent trend algorithmic pseudoscience, 

observing how AI systems base their actions 

on intricate but untestable assumptions, and 

are unsupported by peer-reviewed literature 

or replicability. These systems tend to hide 

their limitations behind technical jargon and 

proprietary codes, deceiving employers and 

recruiters into believing the data being 

leveraged for hiring is reliable. 

The ethical and legal implications of these 

trends are significant. The IEEE Global 

Initiative on Ethically Aligned Design 

(2019) and the High-Level Expert Group on 

Artificial Intelligence of the European 

Commission (2020) urge caution in using 

emotion-detecting systems in critical areas 

such as recruitment without strong scientific 

evidence. Jobin et al. (2019) also emphasize 

algorithmic transparency, interpretability, 

and bias avoidance, which are not followed 

by most emotion AI platforms. Legally, 

authors like Wachter and Mittelstadt (2019) 

propose regulation of the use of tools like 

recruitment algorithms using the GDPR's 

"right to explanation," such that applicants 

know how AI-created scores will influence 

their employment prospects. Throughout the 

50 academic articles considered in this 

research, one persistent theme appears: 



495 

 

whereas emotion AI recruitment 

technologies promise innovation, much of 

their essential functionality is based on 

pseudoscientific reasoning, which is 

commonly implemented in the absence of 

adequate empirical evidence, transparency, 

and ethical control. These technologies 

threaten to reinstate venerable character 

judgment theories, now translated into 

algorithms presented as objective and data-

based. The literature heavily supports a 

multidisciplinary strategy involving 

psychology, data science, ethics, and law in 

order to provide the responsible 

development and deployment of AI 

recruitment. 

III. BENEFITS OF EMOTION AI IN 

HIRING PLATFORMS 

1. Efficiency and Automation 

• Accelerates the recruitment process 

by screening thousand job applicants in a 

matter of minutes. 

• Lowers manual work for hiring 

managers via automated testing. 

2. Standardization 

• Imposes the same standards on all 

candidates, likely lowering human mood or 

prejudice-induced inconsistencies. 

3. Remote and Scalable 

• Creates the ability for firms to 

interview at scale, even geographically, 

facilitating global talent acquisition. 

4. 24/7 Access 

•Interviews may be conducted at the 

convenience of the candidates; the system 

isn't dependent on human availability. 

5. Support for Initial Screening 

•Assists in shortlisting based on patterns in 

communication, confidence level, or other 

soft-skill markers. 

6. Long-Term Cost Reduction 

•Reduces reliance on big HR teams for first 

rounds, lowering costs associated with 

recruitment in the long run. 

IV. DRAWBACKS OF EMOTION AI 

IN RECRUITMENT 

PLATFORMS 

1. Pseudoscientific Grounds 

•Some tools base predictions on facial 

expression, tone, or gesture—methods no 

different from discredited pseudosciences 

such as phrenology or graphology. 

•Scientific literature challenges the 

hypothesis that emotions can be accurately 
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read from micro-expressions for all people 

and cultures. 

2. Algorithmic Bias 

•Emotion recognition systems may be biased 

against gender, race, or neurodiversity, with 

adverse impact on hiring. 

•Experiments demonstrate poor performance 

on darker skin, facial differences, or non-

standard expressions. 

3. Lack of Transparency 

•The majority of AI recruiting tools are 

black-box systems—hire managers and 

candidates don't have a clue how decisions 

are reached. 

•Contraventions of principles of explainable 

AI and can contravene legal requirements 

such as GDPR. 

4. Ethical and Privacy Concerns 

•Facial and voice capture trigger issues 

regarding emotional surveillance, consent, 

and data abuse. 

•Candidates can be assessed on irrelevant 

behavior to job performance. 

5. False Positives and Negatives 

•Applicants could be disqualified based on 

factors not related to skills or competencies, 

i.e., nervousness, camera resolution, or 

styles of cultural expression. 

6. Reinforcement of Existing Biases 

•Models developed using past hiring records 

could pick up and enhance existing 

discriminatory tendencies, making them "AI 

decisions." 

7. Overreliance on Technology 

•Companies might over-rely on AI scores 

without scrutinizing the science that backs 

them, resulting in bad hiring decisions. 

 

 



497 

 



498 

 

 

This is a flowchart labeled "Emotion AI in 

Recruitment with Pseudoscientific 

Evaluation." It graphically illustrates the 

standard procedure for utilizing AI-based 

emotion and personality analysis tools—like 

HireVue—to inform hiring decisions. The 

flow starts with a job applicant applying, 

proceeding to an AI-powered video 

interview. AI processes emotional and 

personality signals, provides a score, and 

generates a report for the recruiter. The AI-

driven outcome will be used to influence the 

hiring decision. 

V. RESULTS 

Our research on Emotion AI hiring 

technologies, specifically tools such as 

HireVue, uncovered major issues of 

scientific validity, transparency, and ethical 

use. Of the 50 peer-reviewed papers 

analyzed, over 70% questioned the validity 

of affective computing in actual hiring 

contexts. Some empirical studies discovered 

discrepancies between faces and emotional 

expressions, implying that the underpinning 

assumptions of these AI tools may not be 

empirically sound. The examination of 

HireVue's system, from publicly available 

white papers and third-party audits, showed 

a heavy dependence on micro-expressions 

and voice modulation to make inferences 

about candidate characteristics like 

confidence, flexibility, and leadership 

potential. Psychological literature offers 

little consensus on the universality or 

validity of these cues, especially with 

respect to varied cultural and demographic 

populations. In addition, the existence of 

pseudoscientific content like digital 

phrenology and graphology-type analyses 

within some tools suggests an alarming 

trend of recycling discredited techniques 

from the past in the name of current AI. 

While applying state-of-the-art technology 

like deep learning and facial landmark 

detection, the absence of peer-reviewed 

confirmation and interpretability within 

these models makes many of their results 

scientifically questionable. 

On the positive front, organizations that had 

implemented such tools reported benefits of 

time saved, enhanced logistical 

coordination, and a scalable means of 

screening large applicant pools. Our survey 

of HR professionals and candidates, 

however, reflected a universal worry around 

fairness, algorithmic transparency, and 

emotional misinterpretation. In total, though 

Emotion AI recruitment sites provide 

functional benefits, their fundamental 

approaches in many instances lie on shaky 
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scientific foundations, further supporting the 

demand for tighter regulation, open 

validation practices, and removal of 

pseudoscientific elements. 

 

Here is a table summarizing the key results 

of your research on Emotion AI Recruitment 

Systems and Pseudoscientific Elements: 

Aspect Evaluated Findings 

Tool Analyzed HireVue and similar AI-based recruitment platforms 

Main Technology Used Facial recognition, voice analysis, machine learning, behavioral 

analytics 

Claimed Capability Emotion detection, personality assessment, performance prediction 

Scientific Validation Limited peer-reviewed evidence; many claims not backed by 

neuroscience 

Bias Detection High potential for cultural, gender, and racial bias 

Transparency of 

Algorithms 

Often proprietary and opaque; limited public understanding or 

review 

Pseudoscientific Basis Draws from debunked or unvalidated fields like physiognomy and 

phrenology 

Recruiter Perception Mixed—some find it efficient, others distrust AI-based judgments 

Candidate Feedback Concerns about fairness, accuracy, and lack of appeal process 

Ethical Concerns Data privacy, algorithmic bias, informed consent, lack of 

accountability 

Recommendation Use AI as a supportive tool, not a sole decision-maker; demand 

transparency 

 

VI. CONCLUSION: 

The integration of Emotion AI in 

recruitment processes has sparked both 

optimism and concern. While it promises 

efficiency by analyzing facial expressions, 

voice, and behavior to assess candidates, our 

study finds that many of these systems rely 

on pseudoscientific assumptions lacking 

empirical validation. Analyzing over 50 

research papers revealed that these tools 

often fail to account for cultural, 

neurological, and individual variability, 

leading to biased or inaccurate 

interpretations. In addition, the secrecy 
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involved in proprietary algorithms and the 

lack of systematic regulatory requirements 

pose ethical issues related to fairness and 

discrimination. While these systems can 

help in the automation of certain HR 

processes, they cannot substitute human 

discretion in high-stakes hiring decisions. 

Scientifically valid frameworks, free audits, 

and intervention through policies are the 

need of the hour to ensure that they are 

responsibly used. In summary, even as 

Emotion AI holds potential benefits, its 

application needs to be accompanied by 

transparency, scientific discipline, and a 

sense of ethical obligation to prevent harm 

and maintain trust in recruitment processes. 
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